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creating algorithms
that 1mprove
automatically through
experience over
time




building
a mathematical
model based on
"training data" 1n
order to make
predictions




when the answers are
known ahead of time,
and the computer tries
to find a model to f1t~
the data ez

A
’ ’.-"

1.e. classification



when the answers
aren't known ahead of
time, and computer

finds patterns

A
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1.e. clustering



when the answers
aren't known ahead of
time and the algorithm
learns by trial and

error through
"incentives”
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popular 1n teaching
computers to play games



it says "math"
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put objects 1nto
groups based on their
characteristics




Do this based on a
boundary that 1s a
"11ne"

(or through ~*linear =g
combination*~) *




ANON A
@zeigenvector

Who called it Tinder and not Naive Baes Classifier?

11:56 AM - Sep 28, 2016 - Twitter Web Client

395 Retweets and comments 910 Likes




autocomplete ranking
1S a matter of
classification — 1s 1t
the thing you're
looking for
or not?




tl;dr, turning logs
into decimals using
supervised learning




feature extraction

"features" are the
attributes of the
item that
could be /
influencing the . :
classification




feature extraction

Creates a
"feature vector" for

each item, a list
of all the i
features and e \ o
their values




training

feature vectors from

the selected and not
selected items are
used as data %

to train
the "model"




training

the model will be a
vector which has
weights for
each of the
features




training




training




training




scoring

An 1tem's score 1s the
sum of the product of

each feature's  gi®

value and

its weight

ForMﬂTu, head to https://en.wikipedia.org/wiki/lLinear_classifier



https://en.wikipedia.org/wiki/Linear_classifier

"neural networks"

https://towardsdatascience.com/understanding-neural-networks-19020b758230



https://towardsdatascience.com/understanding-neural-networks-19020b758230

https://towardsdatascience.com/understanding-neural-networks-19020b758230
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https://towardsdatascience.com/understanding-neural-networks-19020b758230

Hidden
Layer 1

input 1

Wi1,1

Neuron 1

W1,2

Neuron 2

https://towardsdatascience.com/understanding-neural-networks-19020b758230



https://towardsdatascience.com/understanding-neural-networks-19020b758230

hnput1|

Input 2 Predicted Probability

hnput3‘

Input 4

Input 5

https://towardsdatascience.com/understanding-neural-networks-19020b758230



https://towardsdatascience.com/understanding-neural-networks-19020b758230

ethically.




algorithmic bias
1S real.
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